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Abstract In this paper, in order to disambiguate Korean noun word sense, we define a local
context and explain how to extract it from a raw corpus.

Following the intuition that two different nouns are likely to have similar meanings if they occur
in the same local context, we use, as a clue, the word that occurs in the same local context where
the target noun occurs. This method increases the usability of extracted knowledge and makes it
possible to disambiguate the sense of infrequent words. And we can overcome the data sparseness
problem by extending the verbs in a local context.

The sense of a target noun is decided by the maximum similarity to the clues learned previously.
The similarity between two words is computed by their concept distance in the sense hierarchy
borrowed from WordNet. By reducing the multiplicity of clues gradually in the process of computing
maximum similarity, we can speed up for next time calculation.

When a target noun has more than two local contexts, we assign a weight according to the type
of each local context to implement the differences according to the strength of semantic restriction of
local contexts. As another knowledge source, we get a co~occurrence information from dictionary
definitions and example sentences about the target noun. This is used to support local contexts and
helps to select the most appropriate sense of the target noun.

Through experiments using the proposed method, we discovered that the applicability of local
contexts is very high and the co-occurrence information can supplement the local context for the
precision. In spite of the high multiplicity of the target nouns used in our experiments, we can achieve
higher performance (89.8%) than the supervised methods which use a sense-tagged corpus.

tu 3 o ¥PFNUSta JREAETE d7d gblee@postech.ac.kr
pinesnow@nlp.postech.ac kr =y 19999 59 3d
T easg zyFHettn AFETY w5 AAgy 1 20008 59 29



770 HARA I =EA] L ZES

1.M2

Az A F, AAQE olshatt ©l oMl &
e dole) olE ol o Tk 2, @ vof
£ st olgel orlE A4 4 7] dge] 2 vole)

oul A& 2(Word Sense Disambiguation;
WSD)3l7] g =go] M= oo} 3ir}.

oo ofulE AFoem FEIE de Ao I
FER Aol A AW 19504dd ol B A
o] A#(Natural Language Processing; NLP) @7
A5 Bl digol Holgith oju] Foy slaE 1
AA7} HF ExRe oy, ulFEe] A Hy &
oko} F3t Ao 2 A Fasirt wlAA olse} A-F
FH 43Fga 2 o] o)a] $800A4 Y
e daw fla, A9 olErt Esst ofd & &
VN E wEA] sy Aoz {83 To) &
4= Slch

dirHog dol u] Foy n(WSD)e €YLE
oA Fojzl Toje} T E w9} & 7]"6?]' ©
olg] oulg APAT= Aoz, H2E o WE @
olg}l ME 9E FEE 9WE vdshs 9AY I F
A HPge oug Addste] o deld @shs dA=
o] B 4 Qo g)REe Ho d7dA s o
AZA gk Abdon} folo] Az, W AbA(transfer
dictionary) Soll 39j€ oJulg Argsigict 2eyt 9
U Fole] Wi ¥t JTem A BL BAW 4F
9 45 navt oA =AU oy, Je/FEH T
9l4  #)d(morpho-syntactic disambiguation)& 2]u|
F94 slds EerFoEs, FUS TE PR &
k= §% ol9ol(homograph) Ale|e] ojm| FEo] F
2 2Rl RAAA HT volo) gRe guE dF
ke TR dAllAE diYd golg ge gulere]
% (context; H2E o] XFE HHe A 43
(situation) 22 o] 913 HHEE xF3ch= AHA

ot MiFAREF 22 % A4 Ae(external
knowledge sources)& 9VIE AAF=E FR TAR

b=t

RE WSDE did ©ole s g8 A4 FH9)
Hadhe A8 sk, olde A4 Hr2 AME
st Akl waE) dA7txe] WSDE =4 37kRlE U4
Fol B 4 Aok 23 FFEHY 4 589 3
At 719 Y BE T olfFE Addold Wi

D 71A A9, B AA(information retrieval), &3 FA4 24
(content and thematic analysis), &4 €10} 28], 8|2E ZiE]

28 A 27 A AT S Q007

A A de 73S oj&dle 73 st
FE olFch 2ev Hal HAFEY A3 T
gt A 719 wiAe] e Fsle] 71
=3 APH(Machine Readable Dictionary; MRD)3%

2 U@ A& o)f3e A4 7Nt H(Know-
ledge-based method)e] S38tH 1, EEf.Y_l-. AEEHY B
7 Qe =202 FAFEH7 AYY ¢ A= A
7 el x diFe] Ao diF B 111"47]' s A
o w} dEe] 25X (corpus)dlAd BL FAA AR
olg-8le TEX 7t WH(Corpus-based method)
AE=AT HZoe olyd ot WEES &8
g B W #% dF= 2] IYPHn ok

TEA 7 He oA A F ORE ERE &
ied, shue wA} &< wHAl(supervised method) 2.
2 njg ovn] B3y IHA2RE FA RS FE3)
€ Welxm, uvwA e wmAL S 4
(unsupervised method)22 ¢Jn] Ri® w2
(sense-tagged corpus)E RRE 3R] @&e Weg
WAL S W& AF7HA] vind FL& 45E iﬁo
U o] 8&& £ e ou] Hid BEX7 F3] A
o] 93, =3 ol w= Zgo] olgrie ZEAHQ
TAZ dste HEHY SWAA 9] el (sense
tagging)ol] A8-347] oA Fo] Yk o]o HIFo] ¥
AAL S e YA BE A (raw corpus)E 2R
o]-§3l7] wjEo| MYF oW FHo| ojH¥u HHEE
HAE7] ofe EAAC] Jo} 9v RiE BEX
7b e A olE vhEs] 4% J1x FAdez ol
g 4 glo] A8 SHo| el

£ AP, gatold] tig YA TEAE )83t
o, 71&9] vinAl g Ae] WEX sk HYEES
vl 2435, [1][(2]4 A8 89 1AL 7Nt
2 39 FF AR YEEE wo SF BEAY
271 £9 4 Jon g AL E AFsk= A8
2l WAL g Whalo] o] WALy ofm Fol4
a4 Wetg AgtstmAt o

K1t

_N_A‘

‘A= e BAPE FEE Y W JHAE Aol
Aet”

29elX WSDIl Ui A A7E AwEy, F5H5
B Azde AAHA TAL 3PN BT vl
FAE Atg S ed ou) A% F2E 4PelA
ARstm, 94 BEAZRE G5Y ARZH T
Wz AldosRe shgd 7 AR 5PN UG
o 6FOIANE SEF ANAL olgR A v A



o Bl TV ARE o83 wwA) sk Ao HAF ov] oy 771

3 AFE Ak 7Hd e 48S Feko A
& PES Hrreka, E2oE gl B 47 28s

2
go] ofn ZoA HA(WSD)E 9% 7I1E9 dFE
2 i doje Bl e x| R viwdes
e EFsted, olwe] A FRE AME3E A
w2} WSDE 9% 7|& AFES A 37HA, =, 74
718t ¥bH(Rule-based method)™ A4 7idk uhy
(Knowledge-based method), o5 78t
(Corpus-based method)2& EF/E 4 Jrh

Ao A Gy 7)) FHE oFAD 3
714 e AAdojd] tig & dojF FEAdM A
L FHL Aoz FEHIA dof ou| FA dHx
of ol&3h= We|tH[3]. o WAL FAL AU
gste A48T WEA TEHoZ A4 g5
A HE d4L FAA @ 99k ol Axe mE
EAEd H49 § e And 721& FAYgew 3
Z3le 4de 4R feon, FgsHe T ¢d(domain)©]
ug weld Q2L FHES GA TEFEok e ol
& FHoz A3 HEHo|A F3th

A2 719k @ (Knowledge-based method)2 1980
ddlel Eo] ApAd A4 A(thesaurus), TaA¢+ 2
2 e oF Adg o]&F F A HEA A F
So] HE #A4E FEITA ALB dhgeltt. [4)(5)
6l [T 714 7158 ALg o83 Wylez [5]&
FAAE 7HAE w9 B9 U9 F dolo AMd
A E vwste Wae AREAR, [Tl AR Aol
yehd doje] 37 3455 Aldstd zb ol &
AL spdstel ek 413 (6l LDOCE (Long-
man Dictionary of Contemporary English)9] 2+ €]
¥z AFHs WA IZE=(box codes)dt FA =
(subject codes)E ol&-3FHAT. ALTLE o8-S W
ol [8][9]1[10]1 So] 3}t [10]2 Roget's Cate-
gories®] BA1F 2d& AMgste) TAS 2B ©
olg] gul ZoJHL #JAFk Roget’s indexollx 2zt
dold) s JdE HEE 1 dole on T 3
2351, 104270191 Roget's Categories®ll W3] zZ+zh-&
fEEe FYUES Foq or|N A FrEd ©
o5& o} JIEXE APsa ol§ ol§3td FA
& Zte dole] g2 WFEE AF3Hc. (817 [9]
1 WordNet[11] & 4oz A3l ov] Bzt @

X flo] WordNet’dollA 71dzte] A3 BAE
£3lo] FoA4 A4S A=A

ol3 AbA AHEE ol&F WP AbEe At )
=} ALEE 037} Aol HWE &2 A7) 2ol
A FAF oFE OdF= AA ER FHEske Hd
v @A =ik =3 AMH HHT o&dy] g
o AUy ol AU 7E AR, FA 2 FHF
ARES wskA] ¥ Aok wEA vo] e Jid
70 BHor o&Edhe WHEHY d47) Aok

5% 74 ¥E(Corpus-based method)& o] £
W FA dlie] "Wast AE WFe] LEXZHEH
#5531 o] &t wWolrh o W HA o=
RHE RS dethe AdA 239 445 2 19dg
& Avke A3de] sk

WER ZEE W AR TEA Y Qdd ot
WAL ey WHAN(supervised method)® HIEAL S Hb
A(unsupervised method)22 EFHc} A} &5 @
212 v 2FE WEAZTE G0l 7] T4 i
of ad AAe FSshe wHolv12]1 (1311141 {15)
[(16) [171 (18] [19]. ©] ®WH-& AbA AjollAeh 22 A
A gu FRo] JMEsta vlaF JHA3 ol Je
sl Aol e whdel ofw] Rap gEA7F AFEH
Uthe oA Hg-Fo)x K3t HlwAL ey W
o7t BFER @G YA TEXNE IUE A3
whHo|gh[1] [2]1 [201 [211[22][23]. o] W& o]&&
JE BEAE AFHA @A ALA oAt 2
AR ov) FEE oY

WAL g5 whale) BEx] Z)EE Y F [15]e FE
wole] FA} AR, o wolo] o g AFn 9
dole] e HY, 97MAe] T3 Ao AR(local
collocation), FA-540] 7& #AA T dd A4
Ag ol gFAT dEE Alole AR 7Nk o]
He B Al i dole) 2dHo) ojE TRYe=E
AulE Rojdta, B4 Fie] e TS ojs)
228 AL o83 FHHA g FHA JEY
T W el ows I viEe 28 7
S ulsle] AulFHom & AHIAUL(899%)E X
o deFolg & & o, 3] AL A9l Fof
A Fad doj HHe o FA=sL A EdTh 1
i} o] W oigke ov Fid GEAE deF
3l7] W&ol &3] 9w BIFP LDEXIL I3 REH
gaole] M= o] WHE AMESUIZE T@sith
WSDellAe] ttfst 2ol agde [(4lM=E A
AlF AT [MlelMe FAF AE, dof Y=g, do 3

fo <y fr ro 2



772 ARSI =EA] AT ES O]
B on] a9 Aok, 8 &
X (syntactic cues) 52| T}eFdl x2lgo] do] ou] &£
o] Fio) Fadctn FAstATH [19]2 ofv 23
HEA 9 HAE FE37] Al d-8 VA Wge=
HY 8 BEXE AP ARE PHE AASY
o gy 714 Mg =3 R F94 i BAE
Aol X338l lema oA gAgE TER9 9
o] Fo] Fut FEEAr AA] oA Er
HlmAL s W F [22]8 B9 WEE pie=z
gk 29 o] 7+ 9 dofo dis] o dolEH nE
A WellAl B7ishe QolEE AR do] WEY o
2 &9 WEE #4381, Ve FARRE F9 ¥E
L dojoll tig on HEoZ AMREE WS AN
et TEX el g oo} 2ol Yehdes dol
E¢ ol8FoEN U AFHETY Y FHRE X
g & ). A, &9 141«] @olEe] FA4E 7t
A 4 3, T3 JIEA Tole] g ZA FLF)
t A& 23T 5 o é 4 e FEA4FHA F
W dolExke 9o EH‘?} §:€ 202 Ao EN G
-4 JAS 2
FALs —?-.‘3— 3’;}21101] A3 HARE AR

£ (semantic context),

¢

o 2
min
>
o
o
iy
~i’~
i
o
I'x:'«
X,
_\;
_|>~

& 2ju)z z)efo}
3}1] 3 7e=3

[21]91M = WordNetS ©]83F go] S04 s4
HE AAEET o] e WordNetd 2z 9u)E =
e F9o] A (synonym set) WollA FolAdo] gy
frool(monosemous synonym)E tiAb whole] FolA
slael o) g3t AL 717 dojo] sl WordNet
oAz oupEz FojAdo] e FololE Fol Wi

o] fooEs TIsle EAESS P TEXH ]
Fohdoh o] WEE WordNets% 7é°] @olE 7t
9] BAE & 7l&dn Yde o] Ue o]

.,_4

e o

A
7Hed WolAgt o}y o]y XVJ"P EA S I
ol HEE & ik
Yarowsky7} AAIg [23]& 9u] RRER gL o
Al FZHRY 7z} G3) oA doje shie &jnz
AH2dtE A A(one sense per discourse)? A
Aol el dols shtel oulE Zteths Abd(one
sense per collocation) ©]&% BlnA} S W29
©o] ou] Fo4 4 WHeR AA FAE s
1z} e did 9dolE TEe ZE JEL A%
g, did 9ozt 9ule s F UEld 5 e
T2 dol(seed collocation)EE A3t o FA Ao
d 7iutete] EES A B9 Z on|z BHFIT
a8 o2 2zt oz 25dH Z3E5¢ sl Decision

2 S8 A 27 A A 7 ZQ007)

ListE o]§3l= A} o"%«l B gnaFe o83ty
*Hi:% AYE RE dES

ol Hhaf’ 1714 #e HJ% HeIA 3L %
gow, Flzs B gg Hoao M:uf A% 4
Aol *é%(%%)a 23 2e, o) A5 AT

AHEE i dole] 9n ?—E—% -‘T‘- 742 Auz A%
gt A9 deolEE 493 W3RV #HEZd Jlsie
W, FEsol & tid dojo on Frb gL Az
2e A%E 23E Aolgtue 2 & gutk F, g9
3 4¥ Axe FAgdoz: i BLT’L*} g e
ug) fHojutin TE = gtk 44 FIAHE TR
goli= 1 o] 47} 79 ‘{:\4[15] EZ o] WYL
Z4Zte) 9438 719 ol W3l Decision ListE &
FA7171 48]+ A9 dA EFE AHEdY A%
¢ F Uk 284 F4E 7R gol AT o
ul 3 A2e] ol2H, walA olF WolEg o WY
o2 g3yl AdlMe EEAT F4Y dolg EF
sloF ¥t} ztzbe] 8lgs® Decision List® 3 ©ol9]
Fod #aolT AHEE F U7 WRolth F, Sy
2 23} dojEL A2 £ gomz WHE] Uy
& HAstn Ut

[11¢} [21= 97 782 3] WordNet?] AF
ZE ARSI, Ui Dolek 54% B9 o Yehts
ANz tg doEg dy @ol9 onE 7RI AT
GMEA AMSSE7] Wl o] HAdE GEAE ¥s
2 3x geth ]7}4\% 54 9 el Yehie
F 9 Mz o T *ARE AU E siAe A%
o] Arhs A F H}%’” 53tk $4 gy BAE
& sl EFOZNE Fol-FAL BA-FFHo|, ¥
SA-AL, A-wde) TE BAE FE33 oY
T FE BAE o)&3t LA NESFE o| &3 A
g AF FRANMY FAIEE o] 83ld woje] o] F
4 sad

o] Whe FAZ e TE wojo ofu] Foly
idx AHEE 4 omz AN dWds 4
# Sty WEX A vElR e ddAgE 1 F
g A&t 7HEshA stk Qv R BEAE o
3812 ¥7] wWE] mAL sk e v
(685%)& AW, ojn] g HAEHog o)&E £
AL, &ju] R DEINZ wlAS] T 7z AYes
2849 & gtk 28y, FEH oF gANE 24 &

L.
oy

2) WordNet®} A 3 59174 71 dole 125647001



24 2U3} F7] ARE o149 WA B

Holgte Addoz AMESIYrl WE V& ‘\"‘i
[14){15] A AAE 1 Bte] F83% AHYE
312 3‘3}"‘1 Aol B& = He giged, ¥ =
FHES T35 Hedosn FE A wE 9
v Zﬂ‘lﬁ} B Ao)g o) &31A EIFAT

AF7AA AHE dlg}l o] A 7iwke "ol 2in|
Fo4 s WEe A B Hed W And
THE FAYes e offgxn A F9e] A
AA g ASoE "S agch & A Ik iy
2%, 9ojde LDOCEY WordNets} 22 oa¥g
o] ARE 1A 71A 7153 AMAE #dFol9 Fede
o8 4 i, oot FE AE, FAF AR Tl
9] o3 W3 AR T UyF ARE LA K3}
I gtk WA 7Rk W F wAb sy Al 2
Asg BoAul wgl ou] Rig HFXE viEsto
of dtth= BAHOZ Q3 o] RF3E HEAIF 53
REE ghaoldls HET £ glow, =3 A 9
vl o] Hgale dox 3AFE Ut ek, B o
FoMe ou Bitd HEXE A= A v Hlm
A gy Al 2R vt wEe Adsia ok
AALE 9n] TR MR F8sle LFAZFE
gdta ARl ARE HgHos gty HE A
59 $4EE Foj8M A5 FAA 7 e 4F
HQ) =0} WAL gu] FofA i WHE AdstnAg

ek
3. 2 WSD AlAaH”l 74
B Qo)A Avy wie} 2ol Az wa s
PAe o7 A BAME AL AT WA, 2

ia

ATANE oldE BAYES HEY 4+ Y& FF
o WA ofvl B4 sl Were AAsaA BTh R
A, BFole] Hel ol§ Axe v RF wIAs}
gonz, 94 BRAE olgdE umA A% FAe
DA 79 PEe AV BA, DA Spe] 3
Ho] Ze AR ¥E A IBY £ S B
WAl HE ol A% 2B olgsel wolel dv)
Aele) SARE ANY & USF Bk A, He @
FAE ALSIE B8 ¥Y & 9T A%HA ge
dojol] gt 294 ALE FFHES Linol [1]914
ANG Hme Aol AAAols Ywrge AUk
g, B4 Buosd, TEH o BA B ohjs
Wae) dseA, WA Ao Au 5e P4 Has
% Aoz ASATH TAA, TE BAS FFRo
ge} Fa Bolo] e ov] Ael BT Holg me

a9 WAl ofn) Fo4 dL 773

3tk A, A A9 g ES 53 de T ZR
g S g HAEy] AF AP R ARt A

A s AR
2o} WA Fo4 HAE Y8 Adste A2H
L YA EEAZRE T4 BUE FE3tn Apd A9
ERE INFEE F5Id T4 9 dojetulo] 29
TE2

F71 AR dolghol2=E FEstn oY AF
FEl o wolehHolaE e g S dE
g AAE nigez 9 239 FoAel Adx BAY
gu|E ARse ou] 2 AR o|Fo] Jrh

g QA om AR gAY A2 A4 A7
a1 aj2st 2o

-
W4
rir

S0

WordNet

-
=5y

I[UAME

calculator of
log-likelyhood
ratio

a2 on 23 gAY AxE FAE



774 ARSI =R  ATEN] @ 34 A 27 A A 7 20007

4. WordNetZ 0|28t Q0] A& 71X

Autz oz AGEL AdAdoz @ BFS ogde
o Ae FodzRez ojujydS sNAste EF v
2 BNsln 1 AdE olsidich 1y HE o4y
olglze dA|gt HAZ AlFo] Ao BFE olshs)
£ delle Zz7) 747 Aoy A2, g Jid §e
2)4) Hlo)AE o] &g}, o|g} o] Ukl Algte] 7}
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Ae ohith Ad AAE FEFH7] AsiMe B2 U9
I Azte] £7) W&o MZo] Ad AAE TFH37)
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E 1 79 B9 oi9} WordNet synset
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household affairs,
| 494 78 Y | domestic affairs, | {housework#1,
e o housekeeping,| housekeeping#l}
housework
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3| 4o} F& AA Lo -
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S -
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