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Abstract

In this paper, a new EMG pattern classification method based on soft computing techniques is
proposed to help the disabled and the elderly handle rehabilitation robotic arm systems. First, it is
shown that EMG is more useful than existing input devices such as voice, a laser pointer and a
keypad in view of naturality, extensibility, and applicability. Then, a new procedure is proposed to
select the minimal feature set. As methods of classifying the pre—defined motions, a fuzzy pattern
classification and fuzzy min-max neural networks (FMMNN) are designed using the selected
features. As results, the motions are recognized with success rates of 83 percent and 90 percent
using fuzzy pattern classification and FMMNN, respectively.
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Table 5. Comparison of EMG recognition rates
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learning) composed by the feature
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