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Abstract Hangul is regarded as one of the difficult character set due to the large number of classes and
the shape similarity among different characters. Most of the conventional researches attemnpted to
recognize the 2350 characters which are popularly used, but this approach has a problem of low
recognition performance while it provides a generality. On the contrary, recognition of a small character
set appearing in specific fields like postal address or bank checks is more practical approach. This paper
describes a research for recognizing the handwritten Hangul characters appearing in monetary fields. The
modular neural network is adopted for the classification and three kinds of feature are tested. The
experiment performed using standard Hangul database PE92 showed the correct recognition rate 97.56%
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