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Performance Improvement of Speaker Recognition
System Using Genetic Algorithm
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This paper deals with text-prompt speaker recognition based on dynamic time warping (DTW). The Genetic Algorithm
was applied to the creation of reference patterns for suitable reflection of the speaker characteristics, one of the most
important determinants in the fields of speaker recognition. In order to overcome the weakness of text-dependent and
text-independent speaker recognition, the texi-prompt type was suggested. Performed speaker identification and verfication
in close and open set respectively, hence the Genetic algorithm-based reference patterns had been proven to have better

performance in both recognition rate and speed than that of conventional reference pattems.
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Fig. 1. DTW between A and B pattern.
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Table 1. Dynamic programming equation according to
local path constraint.
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Fig. 2. Structure of genetic algorithm,
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Fig. 3. Process of refetence pattem creation using genetic
algorithm.
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Fig. 4. Block diagram speaker recognition system.
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Table 3. Speaker recognition rate.

Min
1 100.00 100.00 96.67
2 98.89 96.88 93.33
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Table 4. Error rate according to reference pattern.
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Genetic 5.2¢ 3.55 4,38 4.13
a2l A 6.33 3.63 4.98 4.17
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