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This paper presents a new adaptive impulse noise cancelling technique based on the adaptive nonlinear suppressing
function. The proposed “adaptive threshold algorithm (ATA)” is controlled by the normalized power prior input data term,
and this adaptive threshold makes the cancelling system highly robust against additive impulse noise. For the performance
evaluation, we have tested the proposed algorithm with the observed signals simulated in various impulsive noise
environments and real EMG signals. As a result, the proposed algorithm shows superior petformance of 51.7% to the
available techniques in the points of SNR and MSE.
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