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ABSTRACT

The work presented in this paper is about a postprocessor, which improves the performance of automatic speech
segmentation system by correcting the phoneme boundary errors. We propose a postprocessor that reduces the range of
errors in the auto labeled results that are ready to be used directly as synthesis unit.

Starting from a baseline automatic segmentation system, our proposed postprocessor trains the features of hand labeled
results using multi-layer perceptron(MLP) algorithm. Then, the auto labeled result combined with MLP postprocessor
dctermines the new phoneme boundary. The details are as following.

First, we sclect the feature sets of speech, based on the acoustic phonetic knowledge. And then we have adopted the
MLP as pattern classifier becausc of its excellent nonlinear discrimination capability. Morcover, it is easy for MLP to
reflect fully the various types of acoustic features appearing at the phoneme boundaries within a short time. At the last
procedurc, an appropdate feature set aralyzed about each phonetic event is applied to our proposed postprocessor o
compensate the phoneme boundary error.

For phonetically rich sentences data, we have achieved 199 % improvement for the frame accuracy, comparing with the

performance of plain automatic labeling system. Also, we could reduce the absolute error rate about 28.6 %.
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Fig.1. a) An example of an error by automatic segmentation,
{(b), (¢} : The biased error caused by phoneme environments,
(b} The case of ‘vowel+consonant’ , (e.g., fa/_tgh),
(c) The case of ‘consonant+vowel’ , (e.g., fg/_faf}.
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