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ABSTRACT

In this paper, we propose a new approach to wavelet-based fuzzy system modeling using genetic
algorithm(GA). We build a fuzzy system model which is equivalent to the wavelet transform after identifying
the cocfficients of wavelel transform. We can obtain an accurate system model with a small number of
coefficients due to the energy compaction property of the wavelet transform. And it means that we can
construct a fuzzy system model with a small number of rules. By the conventional fizzy modeling method,
a problem might arise that a function with abrupt changes can hardly be modeled precisely. Hence, we present
a solution 1o this problem by the advantageous property of the wavelet transform. We demonstrate the
superiority of our proposed fuzzy system modeling method over the previous results by modeling a highly
nonlinear function.
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