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Satellite Communication Equalizer Using Complex Bilinear
Recurrent Neural Network
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ABSTRACY

Equallzauon of satellite communication using Complex-Bilinear Recurrent Neural Network(C-BLRNN) is
proposed in this paper. Since the BLRNN is based -on the bilinear polynomial and it has been more effectively
used in modeling highly nonlinear systems with time-series characteristics than multi-layer perceptron type- neural
networks(MLPNN), it can be applied to satellite equalizer. The proposed C-BLRNN - based equalizer for: M-PSK
with a channel model is compared with Volterra filter Equalizer, DFE, and conventional Complex’ MLPNN
Equalizer. The results show that the proposed C-BLRNN based equalizer gives very favorable results in both of
MSE and BER criteria over other equlizers.
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