g HRA] 2 X)HAIEHEE] =EX] 2000, Vol. 10, No. 5 (2000)442~448

AR3NERS ol §7 T8 AR A 71 94 BY
The State Space Identification Model of the Dynamic
System using Neural Networks

OIS - EfgtS* - Ol

Jae-Hyun Lee, Han-Ho Tack* and Sang-Bae Lee

sl ek AT}
* ARV AL

(=
L

of

HEHY 58 A5 Aol Aoltiel Bae Foka muge] Pasith Teh} 4 A&
del muae Bike AT Be AojuebiEsel ofs s B3l Adade Haw @
o) ZEEE, § ERlME ARHERE ol8% §A Axwel A T A4 REL Acksige
o, Ak ARN2FL SHA717] ekl 7ML E W AT B =Rl AekE Al
ABEY BDE A AL JARAS FFE Lol Fa EHHYL T

ABSTRACT

The conventional control of dynamic systems needs accurate mathematical modeling of control systems.
But the modeling of dynamic systems require very complex computation process due to complex state
equation and many control parameters. Accordingly this paper proposes a state space identification model of
the dynamic system using neural networks. The Gauss-Newton method is used to train the proposed neural
network and the effectiveness of proposed method is verified through the computer simulation of the Seesaw

system identification problem.
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