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Implementation of Image Thinning using Threshold Neural Network
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ABSTRACT

This paper proposes a new parallel architecture for extracting the object skeleton from binarized images
using recurrent linear threshold neural networks. Binary functions are initially obtained from the existing
iterative thinning algorithms, and the linear threshold neural networks are then synthesized using the MSP
term grouping algorithm. Experimental results show that the proposed architectures can be implemented easier

than with other existing methods.
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