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A1), 4@ Zo] HEPHE EAHY ST 5=
4(4), 233 g y&= HG)S 2.

2 (3), wtoloj = b;E X

X=1[x x5 + - Xl o0
W=[w, wy -« + - w,] (2)
o = B
= xw; + xXwy + - -+ -+ x,w, @)
= Xw’
up = s; + b; (@
yvi= @(s; + b)= o(u) ®)
A7IN wye BY ¥4 ga 7 pe EYgel dF AARE, x,= 983 ¥, b= Y= g
T ddZEe 9F%S 2 HAS Jeuin o= 843 F5EA 98 a8t
22 35349 94y

RDS W& BEAHo2RE 39 224749 Ao B 7%
AN BEAWE) BES (X, ¥p), FU] BEY FES (X, Vo ¢ W, T AHAY AFAA DA

23t BEP AEAR

W= 43 gon tazdelMel 35% Pst

A2 BAsl Reshe PYPoZ YHHAEA

H(6)7

Azl gl olg BEA W

R FeFe 4@ drt. £ R 14 78ZSFEE W s 9% »A7¢F AAES deb it

D} = (2~ x)*+ (3.~ 30)° )
L 2
D
W= 3 ¥ @, R= 2 WP, (8)
=1 D2
¥ L7 e 2R UHES HEASF 44 Y
. = R AR RAR S g !
T Thiessen 715 (Normal Ratio Method) (Arithmetic Mean Method)
1r -
eRtRm)| ) 2(:‘1 P) re N 2(&) r=Ll ¥p
| 1 2At n =1\ N, n =170
AZAPAN AT B
- tB5 AR A4y AW Z NS ¢ B2 A ne F4 #FF2 BH
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RAA f99 No5@7) AR ¥ 2 4% A2Rg ARY RHESe] naAd FARY
AzAAe 2 AARstn, 249F7H & Configuration E ]
G842 el BEYE o) NN of Network ‘ s

Model Hidden | Training N
o] 3070 Z-$APES shga 12709 2 Layer _, iterations CC | NRMSE | NMAXE
. e e INN-T 100 07627 | 05338 | 05815
g AZY 2¥E FAHIAT INN-TI 1o | 500 07452 | 05503 | 0.7343
stratd e 95 olF e 1) 2§ INN-IIT 1000 | 07311 | 05714 | 0.7786
NNV 100 | 67781 | 05196 | 05698
APk oz 7 mae) os) ®g [ INN-V_ | [222N)| | 500 07485 | 05519 | 06129
o ) INN-VI 1000 06946 | 05955 | 0.6937
H AZARE BA ‘
€ ASAEE BAsk & 20 ey _INN-VII 100 07548 | 05415 | 0.5962
e TINN-VIO | |33(3N) | | 500 07722 | 05240 | 0.5900
INN-IX 1000 07559 | 05479 | 06335
¥ 204 mE vigge]l A F2 INN-X_ | 100 07429 | 05578 | 0.7025
A5 wel INN-IVESS HHe] 2 INN-XI | | 44(aN) | | 500 07194 | 05744 | 05601
INN-XII 1000 | 07337 | 05634 | 0.7851
ERe ARY 2o MAsGHoH
Br&atA e 959 7¥ 119 34 ¥ 3 7 W] o3 A&ng Ax dlw
ol oel 1Ee] A4 A58 WY Rainfall | NvAXEINRMSE, cC | PpEp |0 Moment
. Events Error
% (RDS : Ak Thi
RS, essen INN-IV | 02065 | 02441 | 0.0577 | -106468 | 00734
. Thiessen 7F5%, NRM : AAd RDS | 05735 | 05781 | 0.8576 | -57.354 | ~0.2879

o o | 950711 | Thiessen| 0.6194 | 06147 | 0.8355 | 61.93% | -0.3119
FEd, AMM ¢ AdEdEdd ) NRM | 06593 | 06495 | 0.8199 | -65.9253 | -0.3825
simstel E 300 UEiglonl dsE AMM | 06234 | 06217 | 0.8146 | —62.338 | -0.3228

29 49 a9 59) ZAEHE T ' RDS 0.3011 | 0.3138 | 0.8856 | -22.0687 | 0.0228

INN-TV | 02500 | 0.2478 | 0.9337 | -10.1573 | 0.0322

960704 | Thiessen ! 0.3576 | 04071 | 0.8025 | -23.9258 | -0.0634
NRM | 03781 | 0.4290 | 0.7786 | -25.6226 | -0.0795
AMM | 04091 | 04189 | 0.7903 | -21.8182 | -0.0125

12

JOT

30 o

20 —

Rainfaiimm/r)

b o
E
&
I I i I 1T | T ]
1 2 3 4 5 6 0 3 6 9 12 15 18 21
Timethour) Time{hour)
a9 4. 7% A& RS Z7(1995.07.11) O 5 A% AZRY F7H1996.07.04)
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A2 eyuze HH gz D4R 19BERH 1949749 307 ZAES ddoz Seay
oo sgase] Heh 471 $HY BYor PRAUG. E 4= 1995914 1996374 NoS(#7)A Y
97) Aol el 7t maol ol MaAelE Hozl 1~3N2 HFFFEL ¥HE Aot

4. SEFol hE F9AS A3t w4
FNN Configuration of Network Forcasting Error
Input | Tidden | Output | Training Time cc NRMSE | NMAXE
Layer Layer Layer iterations
lhr 0.5389 0.6942 0.8256
100 Ohr 0.3912 0.7559 0.8343
(FNN D) 3hr 0.3559 0.7701 0.8860
| Mean 0.4287 0.7401 0.8486
| lhr 0.4423 0.7344 0.9051
300 2hr 0.4244 0.7475 0.7945
12N 1 24@N) |3 1 enN D 3hr 02043 0.8053 0.9611
Mean 0.3570 0.7624 0.8869
1hr 0.6571 0.6546 0.8038
500 2hr 0.3667 0.7638 0.8681
(FNN 1) | 3hr 03227 | 07732 0.9271
1hr 0.4930 0.7254 0.8161
5 1000 Ohr 0.3467 0.7693 0.929
5 (FNN IV) 3hr 0.1907 0.8104 0.9681
| Mean 0.3435 0.7684 0.9046

E 4ol & 4 kKol 9/ AMEE tAded o3 dul FNN (Forecasting Neural Network) I11 23 o}
Mg & FAATLE 2o HAA Bygez MAsdon 13 242 A €22 & 4F ARE e
Wl

AREd 25 2FRG AFT 2Z¥A INN IV 235% B9d5e 93 M-PE FNN 11 238 ZAdstdo
AEAHoE 71T Nob A 1A ~3A1 2742 Hd) o5& stdch. 197d 749 193 19973 8¢ 39
a)a 1998 84 119 2 IFETE dAdAER ol &35l o, Nob AW 19979 79 1Y A
o g dq&& 2, 3AZ AFo] 23y HAEA AHeH 1997d 89 3¢, el 1998d 849 119 #A$
Apgol WaiME 1R dFo] 2AMR ARE BT Y. B4" G4 ARE ol&dtd NUAESE & 3
#E 29 6 ~ 27 99 AT
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