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A Hybrid Credit Rating System using Rough Set Theory

Ki-Nam Park* : Hoon-Young Lee** - Sang-Kuk Park®**

8 Abstract m—

Many different statistical and artificial intelligent techniguas have been applied to improva the predictabllity of
credit rating. Hybrid models and systems have also heen developed by effectively combining different modeling
processes ar comhining the outcomes of Individual models.

In this paper. we mtroduced the rough set theary and developed a hybrid credit rating system that combines
ndividual ouicomes In terms of rough set theory. An experiment was conductad to compare the prediction
capabliity of the system with those of other methods. The proposed system based on rough set method
outperformed te others.
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