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Performance of Collaborative Filtering Agent System using
Clustering for Better Recommendations

Byung-Yeon Hwang'

ABSTRACT

Aytomated collaboratve fillening is on the verge of hecoming a popular Lechnigue to reduce overlpaded informalion as well
as [0 solve the problems that conlent-based mformation filtermg svslems cannot handle In thus paper, we describe threc
different algorithms thal perform collahorative [ltering: Grouplens that is the tracditional technmique, Best N, the modilied one;
and an algorihm that nges cluslering. Based on the experumental resulls usimg real daia, the algorthm using clustermng is
compared with Lhe existing representative collaboralive liltenng agenl algorrihms such as Grouplens and Best N The
cxperimental resulls indicate that the algonthm using clustermg 18 similar to Best N and better than GroupLens for prediction
accuracy. The results also demonstrate thal the algorithm using clustenng produces the best performance aceording to the
standard deviation of error rate Tlus means thal the algorthm using clustering gives the moest stable and the best wasarm
recommendalion. In adehtion, the algorthm usmg clustering reduces the hme [or recommendation
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