3710 Sy EMEEs =2 Hed M12=(99.12)

Hough ®#W3t3} 221 4 A3k 7] HEsE

=
ol !

e
e
2L

>

-0,
>

o

1—4
R
A
N

29 Ag F4 Aww Aol el kg AE LAY Aol YHelth WY FE FEA 4 Iyl
t Eze 49 BALY ohle B2 Fudl fh2d, B4R 5 B4 95U adse] ¥ :
—;—% AASNI fel G e AHe IOz AINA AN NEE wEsT Bel o] At 2

Y A3 84
A FEshs 2] asit & %C’M“ A diygol He At FNE &S st BYIGE A 1L
1 34 Az Hough ¥ g8 o]&3te} oz 548
4

FTEE ANBT AR THFE =
29 2A5E 01%8}04 AusA AM AM 2 B AU A BB Lok 43
Aol A4 e ohls 28 AW AN AEE AHNOZ £AY £ Y AL Axgel AFsohe A

An Efficient Lane Detection Algorithm Based on Hough
Transform and Quadratic Curve Fitting

Hwa-Jung Kwon' - June-Ho Yi'!

ABSTRACT

For the development of unmanned autonomous vehicle, it is essential to detect obstacles, especially vehicles, in the
forward direction of navigation. In order to reliably exclude regions that do not contain obstacles and save a con-
siderable amount of computational effort, it is often necessary to confine computation only to ROl(region of interest)s. A
ROI is usually chosen as the interior region of the lane.

We propose a computationally simple and efficient method for the detection of lanes based on Hough transform and
quadratic curve fitting. The proposed method first employs Hough transform to get approximate locations of lanes, and
then applies quadratic curve fitting to the locations computed by Hough transform.

We have experimented the proposed method on real outdoor road scene. Experimental results show that our method
gives accurate detection of straight and curve lanes, and is computationally very efficient.
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