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Abstract

Image segmentation is the process where an image is segmented into regions that are set of

homogeneous pixels. The result has a critical effect on accuracy of image understanding. In this
paper, an Markov random field (MRF) image segmentation is proposed using genetic algorithm
(GA). We model an image using MRF which is resistant to noise and blurring. While MRF based
methods are robust to degradation, these require accurate parameter estimation. So, GA is used as
a segmentation algorithm which is effective at dealing with combinatorial problems. The efficiency
of the proposed method is shown by experimental results with real images and application to

automatic vehicle extraction system.
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