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(A Study on a Feature-based Multiple Objects Tracking
System)
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Abstract

In this paper, we propose an adaptive method of tracking multiple moving objects using contour
and features in surrounding conditions. We use an adaptive background model for robust processing
in surrounding conditions. Object segmentation model detects pixels thresholded from local
difference image between background and current image and exfracts connected regions. Data
association problem is solved by using feature extraction and object recognition model in searching
window. We use Kalman filters for real-time tracking. The results of simulation show that the
proposed method is good for tracking multiple moving objects in highway image sequences.
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Fig. 1. A feature~based object tracking system.
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