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A Study on Variation and Determination of Gaussian Function Using
SNR Criteria Function for Robust Speech Recognition
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ABSTRACT

In case of spectral subtraction for noise robust speech recognition system, this method often makes loss of speech signal.
In this study, we propose a method that variation and determination of Gaussian function at semi-continuous HMM(Hidden
Markov Model) is made on the basis of SNR criteria function, in which SNR means signal to noise ratio between estimation
noise and subtracted signal per frame. For proving effectiveness of this method, we show the estimation error to be related
with the magnitude of estimated noise through signal waveform. For this reason, Gaussian function is varied and determined
by SNR. When we test recognition rate by computer simulation under the noise environment of driving car over the speed of
80km/h, the proposed Gaussian decision method by SNR tums out to get more improved recognition rate compared with the
frequency subtracted and non-subtracted cases.
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Fig. 1. Corrupted Word * Uijongbu” by Noise.
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Fig. 4. Variation and Determination of Gaussian Function.
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Table 1. The recognition rates under the car noise environment
over the speed of 80 km/h, of which window is opened

widely(PLP Cepstrum).
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Tabte 2. The recognition rates under the car noise environment

over the speed of 80 km/h, of which window is opened

narrowly (PLP Cepstrum).
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