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1 Abstract ,

An experimental modeling of cutting and structural dynamics and the on-line detection of
malfunction process is substantial not only for the investigation of the static and  dynamic
characteristics of cutting process but also for the analytic realization of diagnostic systems. In this
regard, We have discussed on the comparative assessment of two recursive time series modeling
algorithms that can represent the machining process and detect the abnormal machining behaviors in
precision roundshape machining such as turning, drilling and boring in mold and diemaking. In this
study, simulation and experimental work were performed to show the malfunctional behaviors. For this
purpose, two new recursive approach ( REIVM,RLSM) were adopted for the on-line system
identification and monitoring of a machining process, we can apply these new algorithm in real
process for the detection of abnormal machining behaviors such as chipping, chatter, wear and round
shape lobe waviness.
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Table 1 Nomalized frequency and damping factor
with two method for the drilling torque

normalized damping
mode frequency( wn) factor( §)
RLSM REIVM RLSM REIVM
Ist 0.129 0.125 0.118 0.0469
2nd 032 0.3238 0.022 0.00241
3rd 0459 0.459 0.031 0.0519
583 &

BTA =¥7kg4e] RLSM. REIVM 2334 & vl
AR 1 SAE Mk d7ATe de 2t
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