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Classification and Tracking of Unknown Multiple Underwater Moving
Objects Using Neural Networks
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Abstract

In this paper, we propose a multiple underwater object classification and tracking algorithm using the
narrowband tonal and frequency line features extracted from the frequency spectrum of the acoustic signal.
The general algorithm using the wideband and narrowband energy has a high tracking error when objects
are close and cross each other. But the proposed algorithm shows a good tracking performance for the
simulation scenarios generated by the real acoustic data.
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Fig. 3 Structure of the feature extraction neural

X(k+P)

network.
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