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A Study on Automatic Classification System of Red Blood
Cell for Pathological Diagnosis in Blood Digitial Image
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Abstract

In medical field, the computer has been used in the automatic processing of data
derived in hospital. the automation of diagonal devices, and processing of medical digital
images. In this paper, we classify red blood cell into 16 class including normal cell to the
automation of blood analysis to diagnose disease. First, using UNL Fourier and invariant
moment algorithm, we extract features of red blood cell from blood cell image and then
construct multi-layer backpropagation neural network to recognize. We proof that the
system can give support to blood analyzer through blood sample analysis of 10 patients.
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Fig1. Hematopoietic tissues of blood cells
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Table1. Principal shape of blood sample
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Table2. Shape and number of false
recognition
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