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ABSTRACT

In this paper, we investigated the robust endpoint detection algorithm in moisy environment. A new feature parameter
based on a discrete wavelet transform is proposed for word boundary detection of isolated utterances, The sum of standard
deviation of wavelet coefficients in the third coarse and weighted first detailed scale is defined as a new feature parameter for
endpoint detection. We then developed a new and robust endpoint detection algorithm using the feature found in the wavelet
domain. For the performance evaluation, we evaluated the detection accuracy and the average recogmition error rate due to

endpoint detection in an HMM-based recognition system across several signal-to-noise ratios and noise conditions.
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