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ABSTRACT

In this paper, we propose a new active noise control system that cancels the only noise signal from the mixture
selectively. A blind source separation realized by a dynamic recurrent peural network is used as a preprocessor of the
active noise control system and separates the desired signal and the noise signal. The active noise control system
adaptively generates an anti-noise signal to remove the only noise signal separated by the blind source separation.

Computer simulation results show that the proposed scheme is effective to construct a selective attention system.
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Fig. 1. A dynamic recurrent neural network.
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Fig. 4. Two independent source signal;
(a) A speech signal, (b) An engine noise in a ship.
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