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Abstract

Evolutionary programming is mainly characterized by two factors; one is the selection strategy

and the other the mutation rule. In this paper, a new mutation rule that is the same form of
well-known backpropagation learning rule of neural networks has been presented. The proposed
mutation rule adapts the best individual's value as the target value at the generation. The temporal
error improves the exploration through guiding the direction of evolution and the momentum speeds
up convergence. The efficiency and robustness of the proposed algorithm have been verified through
benchmark test functions.
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