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Abstract

Identifying the boundary of the effective receiving power of waves is one of the most important
factors for cell optimization. In this paper, we introduce a propagation loss prediction model which
yvields highly accurate prediction in very complex areas as Seoul where a mixture of many large
buildings, small buildings, broad streets, narrow alleys, rivers and forests co-exist in an irregular
arrangement. This prediction model is based on neural networks trained on field measurement data
collected in the past. Using these da{ta along with 3-D digital elevation maps and vector data for
building structures, we extract the parameter values which mainly affect the amount of propagation
loss. These parameter values are then used as the inputs to the neural network. Trained neural
network becomes the approximated function of the propagation loss model which generalizes very
well and can predict accurately in the regions not included in training the neural network. The
experimental results show a superior performance over the other models in the cells operating in the
city of Seoul.
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