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Abstract This paper proposes a noun sense disambiguation method based-on corpus

and conceptual information.

knowledge to the lexical level. Since knowledge extracted from corpus
the methods requires a large amount of space for the knowledge with low
On the contrary, we resolve noun sense ambiguity by using concept

themselves,
recall rate.

co-occurrence information extracted from an automatically sense-tagged corpus.
on average,
%. Considering that the test corpus is completely

experimental evaluation it achieved,
improvement of the baseline by 14.6

Previous research has restricted the use of linguistic

is stored in words

In one
a precision of 82.4%. which is an

irrelevant to the learning corpus, this is a promising result.
Keywords Statistical information, Conceptual information. Noun sense disambiguation.
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