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Moving Object Tracking In Active Camera Environment Based on Bayes Decision Theory

Soo Hyun Bae™ and Moon Gi Kang®

g ¢

OJFEA FH ALY AL WE G4 B9 Fo A2 BT FF R AY £&S MAAAT B =RdAE 5F I
& #7o)M olFEAS] AE L F4E A HAH Bayes 201 BS ALk AXG AI2W S SAFFE Hisbete A3
o A FYPLE AT £ A%E ZHFLE AFAFE Bayes 2H 0180 7IHE Evh Bayes 2 AL H ) 44S 54
Hoz BYsE, TEIhvit &34 A% WA A 7 o] EAshs pdfg Z}H“* FogA ol BAY 498 ot
=g

Agte el og HEojd ALHE FEIES @AM olFEA Y d9E WHeA FohlE I g TS HE
273 T & Aok B =xelMe Agd AU 18 WHES A5 oA P RN, AAE ALFe] AT,
ojzd ¥ AT $rFE & F AUk

Abstract

Moving objct tracking improves the efficiency and qualification for observation system, broadcasting system. video
conference, etc. This paper proposes an improved Bayes decision method for defecting and tracking moving objects in active
camera environment. The Bayes decision based tracking approach finds the region of moving objects by analyzing the image
sequences statistically. The proposed algorithm regenerates the probability density function to accord with moving objects and
background for active camera. Experimental results show that the algorithm is accurate, reliable and noise resistant. The result
is compared with those of the conventional methods.
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Table 1. Conpansation degree of Pan error

3| A2t = (degree) | x,(pixel) da(degree)

1 0.0015 0.0001
5 01933 0.0123
10 1.5608 0.0974
15 5.3503 0.3271
16 65186 0.3969
17 7.8515 04761
18 9.3616 0.5653
19 11.0621 0.6653
20 12.9668 0.7765
25 26.0786 1.5293
30 46.7638 2.6847
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