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Development of Path-planing using Genetic Algorithm

A8
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( Han-Soo Choi - Heon Jeong )

Abstract - In this paper, we propose a new method of path planning for autonomous mobile robot in mapped
circumstance. To search the optimal path, we adopt the genetic algorithm which is based on the natural mechanics of
selection, crossover and mutation. We propose a method for generating the path population, selection and evaluation in
genetic algorithm. Simulations show the efficiency for the global path planning, if we adopt the proposed GA method
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Fig 3 The FMAP of the MAP in Fig. 2
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Simulation 3
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Table 4 Distance and Fitness Results of Experimental

Simulation 4
generation 1 9 24 67
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Fig 10 The result of experimental simulation 5
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