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Human Face Identification using KL Transform and Neural Networks

SASKE", WA, BIOART, @t kB S
(Yong-Joo Kim® - Seung-Hwan Ji** - Jae-Hyung Yoo™ - Jung-Hwan Kim™" - Mignon Park®)

Abstract - Machine recognition of faces from still and video images is emerging as an active research area spanning
several disciplines such as image processing, pattern recognition, computer vision and neural networks. In addition,
human face identification has numerous applications such as human interface based systems and real-time video systems
of surveillance and security. In this paper, we propose an algorithm that can identify a particular individual face. We
consider human face identification system in color space, which hasn’t often considered in conventional methods. In
order to make the algorithm insensitive to luminance, we convert the conventional RGB coordinates into normalized CIE
coordinates. The normalized-CIE-based facial images are KL-transformed. The transformed data are used as the input
of multi-layered neural network and the network are trained using error-backpropagation methods. Finally, we verify the
system performance of the proposed algorithm by experiments.
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Table 2 The identification result of the RGB faces.

Data Training Test
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YFF 100/100 85/100

TFT 0/100 15/100

Performance 100% 89.5%
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