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Satellite Image Classification Based on Color and Texture Feature Vectors

Jang-Ho Kwak*, Joon-Cheol Kim**, and Joon-Whoan Lee***
Radio Research Laboratory of MIC*, Department of Electronic Engineering, Seonam University**

Department of Electronic Engineering, Chonbuk National University***

Abstract : The Brightness, color and texture included in a multispectral satellite data are used as
important factors to analyze and to apply the image data for a proper use. One of the most significant
process in the satellite data analysis using texture or color information is to extract features effectively
expressing the information of original image. It was described in this paper that six vector features were
introduced to extract useful features from the analysis of the satellite data, and also a classification
network using the back-propagation neural network was constructed to evaluate the classification ability
of each vector feature in SPOT imagery. The vector features were adopted from the training set selection
for the interesting region, and applied to the classification process. The classification results showed that
each vector feature contained many merits and demerits depending on each vector’ s characteristics, and
each vector had compatible classification ability. Therefore, it is expected that the color and texture
features are effectively used not only in the classification process of satellite imagery, but in various image
classification and application fields.
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Table 1. Matrix and vector features
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(@) Classified image using CRLM_R (b) Classified image using CRLM_W

{d)y Classified image using NSCDM_R

(e) Classified image using NSCDM_W () Classified image using NSCDM_M

Fig. 9. Classification results using feature vectors
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