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Intelligent FMC Scheduling Utilizing Neural Network and Expert System
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Abstract : In this study, an intelligent scheduling with hybrid architecture, which integrates expert system and
neural network, is proposed. Neural network is trained with the data acquired from simulation model of FMC to
obtain the knowledge about the relationship between the state of the FMC and its best dispatching rule. Expert
system controls the scheduling of FMC by integrating the output of neural network, the states of FMS, and user
mmput. By applying the hybrid system to a scheduling problem, the human knowledge on scheduling and the
generation of non-logical knowledge by machine learming, can be processed in one scheduler. The computer
simulation shows that comparing with MST{(Minimum Slack Time), there is a little increment in tardness, 5%
growth in flow time. And at breakdown, tardness is not increased by expert system comparing with EDD(Earliest

Due Date).
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