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Adaptive Blind Equalization Algorithm based on
Mixed-Modified Constant Modulus Algorithm

Young-Hwa Jeong*
Abstract

The CMA and MCMA adaptive blind equalization algorithm has an inevitable error caused by
mismatching between the original constellation at the steady state after the equalization and the
unique constellation. This problem is due to considering the new type constellation{constant
modulus, reduced constellation) as desired constellation. In this paper, we propose a new adaptive
blind equalization algorithm which can reach to the steady state with rapid convergence speed and
achive the improvement of error value in the steady state. The Proposed algorithm has a new error
function using the decided original constellation instead of the reduced constellation. By computer
simulation, it is comfirmed that the proposed algorithm has the performance superiority in terms of
residual ISI and convergence speed compared with the adaptive blind equalization algorithm of
CMA family, Constant Modulus Algorithm with Carrier Phase Recovery and Modified
CMA(MCMA).
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