TEQBREE F 214 F 458 19985 25 365

A AAIET SgE o &
oww Qo] B AT
- X Control Chart Pattern Identification
Through Efficient Neural Network Training-

r°l'

P xEE e

27 9
Kim, Ki Young
S I
Yoo, Jeong Hyun
&9 #"

Yun, Deok Kyun

. Abstract

Control Chart is a powerful toel to detect that process is in control or out of control
CIM can have real effect when CIM involve automated quality control. A neural network
approach is used for unnatural pattern detecting of control chart. The previoﬁs' moving
window method uses all unnatural pattern that is detected as moving time window.
Therefore, It trains a large number of unnatural pattern and takes training time long. In
this paper, the proposed method tests a small number of training unnatural pattern which
modifies test data without repeating time. We shows that the proposed method has
differences in training time and identification rate on the previous moving windows method.
As results, we reduced training time and obtain the same identification rate.
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1.50 0.10 1.00 0.00 1.00 0.00
2.00 0.10 1.00 0.00 1.00 0.00
2.50 0.10 1.00 0.00 1.00 0.00
1.50 0.30 1.00 0.00 1.00 0.00
2.00 0.30 1.00 0.00 1.00 0.00
250 0.30 1.00 0.00 1.00 0.00
1.50 0.50 0.99 0.00 1.00 0.00
2.00 0.50 1.00 0.00 0.99 0.00
2.50 0.50 1.00 0.00 1.00 0.00
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1.50 0.10 1.00 0.00 0.99 0.00
2.00 0.10 1.00 0.00 0.99 0.00
250 0.10 1.00 0.00 0.98 0.00
1.50 0.30 0.98 0.00 0.95 0.00
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175 0.30 1.00 0.00 1.00 0.00
2.00 0.30 1.00 0.00 1.00 . 0.00
225 030 - 0.98 0.02 0.98 0.01
1.75 050 . 0.99 0.01 0.99 0.01
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2.00 05 0.746 0.012 0.734 0.009
250 05 0.242 0.010 0.211 0.004
1.50 0.7 0.119 - 0.024 0.132 0.032
2.00 0.7 0.260 0.026 0.23 0.021
2.50 0.7 0.390 0.015 0.383 0.011
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