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Moving Object Segmentation and Tracking using
Feature based Motion Flow

Kyu Won Lee*, Hak Soo Kim**, Jun Geun Jeon**, Kyu Tae Park** Regular Members
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olg BAME F&31 o9 o)F WS T, FH3h: E&HQ duelEE ALt olF BN ddEge
Azt FAe] HEAE HFHIe 5 HE 3233, A e 5 Ho] o) WEHE 7AE 53 E29 ¥
E(feature flow field)E T3 ¥ o] 88 thxtg 54 F2HdolAM P3N clustering)re 28 BAE &%) A
dl= IRMAS(Incremental Rotational Minimum Angle Search)ol] ¢]3led 3 3le EX 45 EZ r}z}8(convex
hulh)& FHe 24 olF B MEAHQ AF FHNE A FAHICE EF olF HA9 A2 S wE X
T e T4 54€ 7 olF EHY AR F4& Hyoz /e MY «&0E AHRE ol #HE
dE7le 71E9] AE d&vie A4E ol Wtz utel ¥gHon 2AFoRA dE oAE HaAA, W
& &£x2 olF A FyEPrh

ABSTRACT

An effective algorithm for tracking rigid or non-rigid moving object(s) which segments local moving parts from
image sequence in the presence of background motion by camera movement, predicts the direction of it, and tracks
the object is proposed. It requires no camera calibration and no knowledge of the installed position of camera. In
order to segment the moving object, feature points configuring the shape of moving object are firstly selected,
feature flow field composed of motion vectors of the feature points is computed, and moving object(s) is(are)
segmented by clustering the feature flow field in the multi-dimensional feature space. Also, we propose IRMAS,
an efficient algorithm that finds the convex hull in order to construct the shape of moving object(s) from clustered
feature points. And, for the purpose of robust tracking the objects whose movement characteristics bring about the
abrupt change of moving trajectory, an improved order adaptive lattice structured linear predictor is used.
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Fig. 3 Convex hull of cluster by IRMAS (a) Jarvis March
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Fig. 4 Refinement of cluster clements related to moving
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walking sequence) (a) original image (b) corner
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magnitude and angle
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