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Abstract

In this paper, the control technique that PID controller are autotuned according to system dynamics,
driving out sample in the changeable limits of system dynamics and learning neural network, is presented.
In order to leam neural network, the backpropagation learning algorithm is used and the controller
parameters obtained by rule-base are used as teacher’s values. When load changes, the auto-tuning of PID

controller proper to system dynamics is confirmed by simulation.
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Table 1. Parameters of DC Servo Motor
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Fig. 2. The determination of parameter a and
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Table 2. PID parameters obtained from the
Ziegler-Nichols step response method

controller Kp T Ta
P 1/a
PI 0.9/a 3L
PID 1.2/a 2L 0.5L
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