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Abstract

Robust control for DC servo motor is needed according to the highest precision of industrial automation.
However, when a motor control system with PID controller has an effect of load disturbance, it is very dif-
ficult to guarantee the robustness of control system. As a compensation method solving this problem, in
this paper, PID—neural network hybrid control method for motor control system is presented. The output
of neural network controller is determined by error and rate of error change occurring in load disturbance.
The robust control of DC servo motor using neural network controller is demonstrated by computer simu-

lation.
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