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ABSTRACT

in this paper, an eigensubspace estimation method using the Gram-Schmidt structure and the Inverse Power Method is

proposed and the performance of the method applied to estimating the direction of arrival is analyzed. In addition, when sensors

are distributed symmetrically around the center of the linear array, an improved IPM using the forward-backward GS filter is

proposed for eigensubspace estimation. The proposed methods are compared with the IPM using the constrained gradient search

method,
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