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A Study on the Speaker Adaptation in HMM Using
Variable Number of Branches in Each State
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ABSTRACT

" In this paper, we have studied the method of speaker adaptation using COHMM and ARHMM in CHMM respectively. In
CDHMM, speaker adaptation had been performed using one branch in each state by the method of MAPE (maximum a
posteriori estimation). In this paper, we proposed the method using variable branches (o represent properly various speech
information of the speaker in each state. We determined the number of branches in each state depending on the number of
frames and the delerminant of the variance matrix in the state. In ARHMM, because the feature vector is used as the
components of LPC vector, the MAPE method could not be used. So, we proposed the method of ARHMM lo adapt the
speaker adaptation model with one branch in one state. The input utterance was divided into each states by Viterbi algor-
jthm using speaker independent modet and then transformed into a typical veclor by the k-mcans algorithm.
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