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Abstract

This paper represents identification and control designs using neural networks for a class of

nonlinear dynamic systems. A proposed neuro-controller is a combination of a linear controller and a

neural network, and is trained by

indirect neuro-control scheme. The proposed neuro-controller is

implemented and tested on an IBM PC-based bar system, and is applicable to many dc-motor- driven

precision servo mechanisms. The ideas,

algorithm,

and experimental results are described.

Experimental results are shown to be superior to those of conventional control.
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