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Abstract

In this paper, after we got to realized FDNN(Fuzzy Decision Neural Network) applied the
quantization triangularity fuzzy function to DBNN(Decision Based Neural Network) of a hierarchical
structure for image process, we could design hardware of the realized FDNN. Also it is normalized
the standard image and the input image as the same size. We are applied DWW algorithm which
selected the closest value with finding similarity of an interval image by this distance to FDNN. So
we could calculated in terms of distance to weight of pixel which composed two image and
eliminated the noise of image, minimized the lost of information, obtained the optimal information.
It is designed hardware of high speed weighted FDNN using COMPASS tool. Also, the total circuit
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is realized as gates of 61,000 and could show to superiority of FDNN using the simulation.
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