ddre

AFFANGT HA7| AT L EE

3 A 17 A1997)

Research Report. The Institute of Industrial Technology, Kangwon Nat'l Univ., Korea, Vol. 17, 1997

o| & #of=s

HIIH 2% 214

A Neural Network Based Handwritten—Charater Recognition using
Binary Wavelet Transform
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ABSTRACT

In this paper, we propose a new neural pattern recognition from wavelet transform. We first

analysis in BFT(Binary Field Transform) in character image. The proposed neural network and

wavelet transform is able to improve learning time and scaling. The ability and effectiveness of

identifying image using the proposed wavelet transform will be demonstrated by computer

simulation.
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3. BFT(Binary Field Transform)
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32 Discrete Fourier Transform over GF(2)
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