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An Implementation of Rejection Capabilities in the
Isolated Word Recognition System
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ABSTRACT

For the practical isolated word recognition system, Lhe ability to rciect the out-of-vocabutary(QOV) is required. In this
paper, we presenl a rejection method which uscs the clustered phoneme modeling combined with postprocessing by likeli-
hood ratio scoring. Qur baseline speech recognilion system was based on the whole-word continuous HMM. And 6 clustered
phoneme models were generaled using statisticai method from the 45 confext independent phoneme models, which were
trained using the phonetically balanced speech database. The test of the rejection performance for speaker independent
isolated words recognition task on the 22 section names shows thal our melhod is superior to the conventional post-
processing method, performing the rejection according to the likelihood difference between the first and second candidales.
Furthermore, this clustered phoneme models do not require retraining for the other isolated word recognition system with
different vocabulary sets.
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Table 1. Vocabulary list
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fig. 1 Keyword rejection versus non-keyword rejection rate
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