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Least Mean Absolute Third (LMAT) Adaptive Algorithm :
Part II. Performance Evaluation of the Algorithm
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ABSTRACT

This paper presents a comparative performance analysis of the stochastic gradient adaptive algorithm based on
the least mean absolute third (LMAT) error criterion with other widely-used compeling adaptive algorithms. Under
the assumption that the signals involved are zero-mean, wide-sense stationary and Gaussian, approximate expres-
sions that characterize the stcady-state mean-squared estimation error of the algorithm is derived. The validity of
our derivation is then confirmed by computer simulations. The convergence speed is compared under the condition

that the LMAT and other competing algorithms converge to the same value for the mean-squared estimation error
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in the steady-state, and superior convergence property of the LMAT algorithm is observed. In particular, it is

shown that the LMAT algorithm converges faster than other algorithms even though the eigenvalue spread ratio of

the input signal and measurement noise power change.
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