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Abstract

For the practical applications of the EIT technology, it is essential to reconstruct static images with
a higher spatial resolution in a reasonable amount of processing time. Using the conventional EIT
static image reconstruction algorithms, however, the processing time increases exponentially with poor
convergence characteristics as we try to get a higher spatial resolution. In order to overcome this
problem, we developed a recursive mesh grouping method based on the Fuzzy-GA like algorithm.
Computational simulation using the well-known Improved Newton-Raphson Method with the
proposed recursive mesh grouping algorithm shows a promising result that we can significantly reduce
the processing time in the reconstruction of EIT static images of a higher spatial resolution.
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