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Abstract

With the vigorous researches in the charaéler recognition, the need to recognize run-on
multilingual handwritten characters is increasing th provide users with more comfortable PUI(Pen
User Interface) environments. In general, many intermediate word candidates are generated in
run-on multilingual recognition because there is no information of ending position and linguistic kind
of character. To remove unnecessary word candidates which are generated in run-on multilingual
recognition, we classify them into two groups and select the best candidate among the word
candidates in the group where the final character is completed using 5 attributes. In this research,
we propose a method in order to select the best one candidate. It is called WRM(Weighted Ranking
Method). The weights are adaptively trained by LMS(Least Mean Square) learning rule. Results
show that the abilities of decision making using weights are much better than those not using

weights.
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Fig. 1. The segmentation and recognition of mul-

tilingual characters
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Fig. 2. The control flow of recognition system.
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Table 1. The recognition performance according to intervals between characters.
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