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Abstract

This paper presents a parallel combinatorial variant of Evolution Strategy(PCES) to solve
well-known combinatorial optimization problems, Quadratic Assignment Problems(QAPs). The PCES
reduces the possibility of getting stuck in local minima due to maintenance of subpopulation and thus
it is more effective than the CES. Experiment results on two benchmark problems show that the PCES
is better than the CES and the genetic algorithm(GA).
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Table 1. Experimental results on NUG20 of

ESs, GA, and PCES with several

different population sizes(best kn-

own cost = 2570).
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Table 2. Experimental results on NUG30 of
ESs, GA, and PCES with several
different population sizes(best kn-
own cost = 6124, the total number
of evaluations is the same).
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