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A Study on the Speaker Adaptation of a Continuous
Speech Recognition using HMM
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ABSTRACT

In this study, the method of speaker adaptation for uttered sentence using sylfable unit hmm is proposed. Segmentation
ol syllable unit for sentence s performed automatically by concatenation of syllable unit hmm and viterbi segmentation.
Speaker adaptation is performed using MAPE(Maximum A Postericri Probability Estimation) which can adapt any small
amouni of adaplation speech dala and add one sequentially.

For newspaper editorial continuous speech, the recognition rates of adaptation of HMM was 71.8% which is

approximately 37% improvement over that ol unadapted HMM
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