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ABSTRACT

This paper is the study for recognizing single vowels of speaker-independent, and we suppose a method of speech recog-
nition using VQ(Vector Quantization)/NN(Neural Network).

This method makes a VQ codebook, which is used for obtaining the observation sequence, and then calculates the prob-
ability value by comparing cach codeword with the data, finally uses these probability values for the input value of the
neural network.

Korean signle vowels are setected for our recognition experiment, and ten male speakers pronounced eight single vowels
ten times. We compare the performance of our method with those of fuzzy VQ/HMM and conventional VQ/NN

According 1o the experiment result, the recognition rate by VQ/NN is 92.3%, by VQ/HMM using fuzzy is 93.8% and by
VQ/NN using fuzzy is 95.7%.

Therefore, it is shown that recognition rate of speech recognition by fuzzy VQ/NN is better than those of fuzzy VQ/
HMM and conventional VQ/HMM because of its excellent learning ability.
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