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Abstract

In [1]. it is shown that a subclass of ETBFs, which are self-dual ETBFs, can be
expressed as a weighted average of median subfiltered outputs. In this paper, we extend this
result to general ETBFs. In particular, we show that any ETBF can be represented as a
weighted average of minimum {or maximum) subfiltered outputs. These representations
naturally lead to a subclass of ETBF, called the K-th order ETBF (K-ETBF) that employs
only those subfilters whose window sizes are less than or equal to K. By designing K-ETBFs
under the mean square error criterion for various values of K and applying them to restore
noisy signals, the tradeoff between the performance and the complexity of this class of filters

is examined.
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