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Comparision of Clustering Methods in 2D Image
for the Atomation of Dangerous Machine

o A §*-o] § Z**

Ji-Yong Lee - Byung-Kon Lee

ABSTRACT

In this study, clustering of black BADUK stones’ image were performed to recognize the individual

stone from its closely spaced and partially occluded image. And the clustering perfomance was compared

between the classical methods and fuzzy C-means method.

As a result, 2 BADUK stones’ image was segmented precisely in every methods, but more than 3

stones the segmentation was depended on its shape. Fuzzy C-means method could be segmented

correctly to 4 stones regardless of its shape, and it could be applied to the unknown number of clusters.
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Fig. 1 Image clustering results with minimization of sum of squared distance

AZ(d)E T8k, At 2(2)e) AARA(8
)R Ao S 2H x¢AI|T, AW

SIRAYNSBR] M ME ‘% 3y

N2E SHSHE B4k

d(X, Z)<0 T QS ] rroverreerrnenenenns (2)

41



0[x|8, 018z

42

S -\\

N

',.-'-.‘.,.-—-.__,-. e
LN

(e)

Fig. 2 Image clustering results with ISODATA
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Fig. 3 Image clustering resuits with adaptive sample set algorithm
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Fig. 4 Image clustering results with Batchelor & Wilkins algorithm
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Fig. 5 Image clustering results with fuzzy C-means algorithm
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