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ABSTRACT

In this paper, using DBNN algorithm which is used in the binary pattern classification or speech signal pro-
cessing the digital DBNN circuit is designed having the variable expansion depending the size of input data and
paltern type. The processing element(PE) of the proposed network consists of the synapse and MAXNET circuits
for the similarity measurement between reference and input pattern. Global MAXNET selects the global winner
among the local winners which is selected in each PE. Through the several simulations, it is proved that the syn-
apse circuit distinguishs whether inpuf pattern coincides with the reference pattern, and thus each PE and global

MAXNET scarch the reference pattern that was the most similar to input pattern for the discord of the pattern.
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